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This study attempted to measure the level of sports intolerance through the analysis of opinions on
Twitter using an electronic tool to measure opinions developed and applied. A tool was developed
to analyze opinions and feelings and use it in this study, which is an experimental in this part of the
study and based on the analysis of content for the analysis of tweets and in the practical part of the
study. The study found that writing in the vernacular and local dialect form a major challenge for
modeling analytical methods where algorithms standard software is lost, which is an important
factor in code formulation. In addition, the large number of misspellings and the use of graphic
symbols may prevent the possibility of sorting the tweets through the electronic platform.
Moreover, it provides the possibility to develop this model, and improve the software algorithms of

the platform (Meul) to obtain more accurate results, and cover more areas.
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